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INTELLIGENT FAKE NEWS DETECTION SYSTEM BASED ON ONTOLOGICAL MODEL
AND SEMANTIC MARKUP OF MEDIA TEXTS

Abstract: This paper presents a framework for fake news detection based on ontological modeling
and semantic annotation of media texts. The study includes a bibliometric analysis of Scopus publications from
2018 to 2026 to identify trends in fake news detection and semantic approaches. The results show a shift from
traditional machine learning methods toward transformer-based, graph-based, and semantic models. An
adaptive system architecture is proposed, covering data collection, preprocessing, multi-level annotation in
Label Studio, knowledge graph construction, model training, inference, and analytics. A formal ontological
model was developed to structure the key elements of news texts, including claim, source, evidence, author
intent, target audience, and disinformation techniques. The framework supports multilingual processing in
Kazakh and Russian. The dataset consists of 5,000 news articles, evenly distributed between fake and real
categories and balanced across both languages. Annotation quality was evaluated using Cohen’s Kappa, with
values ranging from 0.72 to 0.81, indicating consistent inter-annotator agreement. The proposed approach
provides a structured basis for the further development and evaluation of automated fake news detection
systems in multilingual environments.

Key words: Fake news, fake news detection, ontological model, semantic markup, semantic analysis.
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In recent years, fake news detection has evolved from a classic textual classification problem
to an interdisciplinary direction at the intersection of computational linguistics, computer vision, and
graph theory. This was facilitated by the explosive growth of user content, the acceleration of
disinformation cycles and the spread of large language/multimodal models, which increased the
requirements for methods: they are expected to be able to identify semantic inconsistencies,
consider visual signals, and rely on structural knowledge about sources and distribution. At the same
time, the field remains methodologically heterogeneous: deep representations coexist with the
features of the old school, and graph and multimodal solutions place increased demands on data,
annotations, and validation.

The study [1] proposes an approach to increasing the reliability of automated fact-checking
by filtering leaks and unreliable sources. The authors presented the CREDULE dataset, which
includes more than 90 thousand news articles classified as reliable, unreliable and fact-checking,
and also developed a neural network model EVER-Net, capable of automatically detecting leaky and
unreliable evidence. The results demonstrate a significant improvement in the accuracy of automatic
fact-verification systems and highlight the need for a comprehensive assessment of evidence
sources in the fight against misinformation. The FactCheck Editor system is presented in [2], which
provides automated fact checking in a multilingual environment. The developed tool integrates the
functions of identifying statements requiring verification, generating search queries and extracting
relevant evidence from open sources. Verification is carried out using Natural Language Inference
(NLI) models and leverages LLM, which allow not only for determining the validity of statements but
also for suggesting their correct formulations. The authors have shown that the XLM-Roberta-large
model, which has been refined on multilingual data, surpasses the large language models (GPT-3,5-
Turbo, Mistral-7b) in solving problems related to statements detection and truth prediction. The work
emphasizes the potential of combining transformational and generative models to create of full-
fledged automated fact-checking systems.

The study [3] introduces FactCheck Editor, which implements multilingual automated fact
checking based on transformational models and LLMs, allowing the system to identify, verify, and
correct false statements in the text. In modern research, the methods of machine (mL) and deep
learning (DL) are actively used to solve the problems of information reliability analysis [4-6]. In the
reviewed works, it is shown that the use of neural network architectures, especially models based
on transformers (BERT, Roberta), significantly increases the effectiveness of detection of fake news
and automatic fact-checking. These approaches demonstrate high accuracy and stability in the
processing of texts of various subjects.

Related works

Modern research in the field of fake news detection focuses on a combination of machine
learning technigues, natural language analysis, and graph analysis [7-8]. Particular attention is paid
to the integration of ontological models, which allow the formalization of subject areas and increase
the interpretability of the results. The use of ontologies contributes to a deeper understanding of the
context, the identification of hidden semantic connections between objects and the refinement of
semantic features, which increases the accuracy of the classification of news reports. Adaptive
architectures of intelligent systems are also actively being developed, capable of dynamically
updating knowledge and analysis parameters depending on changes in the information environment.
Such solutions provide adaptation to the emergence of new types of disinformation and create the
basis for constructing explainable and context-sensitive models for detecting fake news. Earlier, in
[9], the authors proposed for the first time proposed a multi-level annotation model adapted to
Kazakh and Russian languages, which goes beyond the binary classification. Unlike simple models
focused only on the detection of authenticity, this scheme takes into account the deep semantic
structure of the text, discursive features and cultural-specific elements inherent in the Kazakh and
Russian media space. The multilevel scheme allows for describing not only the fact of the presence
of disinformation, but also its type, context, motive and degree of distortion of the content.

Bibliometric analysis was performed on a sample of Scopus for 2018-2026 at the request of
key («fake news detection» AND semantic) in the subject area of Computer Science (with
intersections with other areas). The array includes 128 documents from 66 sources, prepared by
417 authors; the average number of co-authors per publication is 4.39, the share of international co-
authorship is 21.09% (see Fig. 1). The cumulative average annual growth rate is 5.2%, the average
age of the document is 1.68 years, the average number of citations per publication is 14.38,
indicating the relevance of the topic and active knowledge exchange.
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Authors Authors of single-authored docs International Co-Authorship Co-Authors per Doc

Author's Keywords (DE) Document Average Age Average citations per doc

329 1.68 14.38
Figure 1 — Bibliometric survey of publications (2018-2025)

There has been a steady increase from a single publication in 2018-2020 to a local high in
2024 (=39 articles), followed by a moderate decline in 2025 (=33) and incomplete reporting for 2026
due to the current Scopus indexing window (see Fig. 2a). The acceleration after 2022 coincides with
the proliferation of large language models (LLMs) and the transition to multimodal architectures,
which is further manifested in thematic clusters.

The bibliometric profile indicates the maturity and diversification of the area: the volume of
publications and the range of sources are growing, international co-authorship is strengthening, and
the thematic dictionary (=329 author keywords) demonstrates a high level of fragmentation. For
2023-2025, three leading trajectories are clearly distinguished: semantic (knowledge-guided) NLP,
multimodal fusion, and graph-based detection. In the following sections, we examine the evolution
of methods along these lines and identify key research gaps, particularly in multilingual and low-
resource contexts (including the Kazakh-Russian corpus and the HITL annotation).

A diagram created by VOSviewer (see Fig. 2b) shows the relationships between the most
common terms in scientific publications on the topic of fake news detection and semantics. The size
of the nodes corresponds to the frequency of term occurrence, and the distance between them
reflects the strength of their co-occurrence. Colors represent thematic clusters:

red — methods of machine learning and natural language processing;

green — multimodal approaches and image analysis;

blue — social networks and information dissemination;

purple — trust, emotions and interpretation of content;

yellow — semantic and contextual aspects of data analysis, including thematic modeling and
knowledge representation.

The central position of the terms “fake news detection” and “semantics” underscores their
key role in the structure of the research field.

Documents by year Scopus R

Documents
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&
L
g
i
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Figure 2 — a) Documents by year (2018-2026, Scopus). Local maximum in 2024; 2026 is
incomplete; b) Visualization of a network of key terms in the field of detection of fake news

As shown in Table 1, existing approaches focus on evidence verification, multilingual
pipelines, contextual retrieval, or graph neural network modeling. However, none of them provide a
formally defined ontology within a unified semantic framework integrated with knowledge graph
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construction and multi-level annotation. Current graph-based solutions rely primarily on structural
representations without explicit semantic formalization. The proposed model differs in that it
combines an explicit ontology, knowledge graph construction, transformer-based architectures, and
structured multi-level annotation, while also addressing a low-resource Kazakh-Russian multilingual
environment.

Materials and Methods

Figure 3 presents the full data processing pipeline, including data collection from external
media sources, preprocessing, multi-level semantic annotation, knowledge graph construction,
transformer-based model training, inference, and analytics. The architecture implements a closed
machine learning cycle (collection — processing — annotation — training — inference — feedback)
and is designed to support ontology-driven multilingual (Kazakh-Russian) misinformation detection.
The figure illustrates the hypothesis that integrating semantic annotation, knowledge graphs, and
transformer architectures within a unified pipeline enables structured and interpretable fake news
analysis.

Table 1 — Comparison of Selected Fake News Detection Approaches
Explainabil | Adaptabil

Core Ontology Know Multilin Low- Multilevel ity ity to Transform
Ref Formaliz edge GNN Resource | Semantic .
Method ( 9 gual . Mechanis New er-based
ed) Graph Focus | Annotation
m Sources
Evidence Limite Limited
[1] verification No No No d No No (evidence Limited Yes
(NN) scoring)
End-to-end Limited
[2] multilingual No No No Yes No No (NLI Moderate Yes
fact-hecking reasoning)
Contextualiz .
. . Retrieval-
[7] ed evidence No Partial No Yes No No based Moderate Yes
retrieval
Heterogene No Limite Graph
[8] ous GNN + explicit Yes Yes d No No attention Moderate Yes
LLM ontology weights
Ontology +
KG + Ontology- .
Propos Transformer Yes Yes Kazakh- Yes drive?\y High
ed (explicit (explicit | Optional ) Yes (structur | . . | (adaptive Yes
model S+ ontology) KG) Russian ed) mterpretabl pipeline)
Multilevel lity
Annotation
! Data Collection : Preprocessing Module : Preprocessing Module !
Da;lgi:ugzsé\ﬁ l‘)_glueler(al\;ﬂ“a\ss ™™ Module (crawiers, APIs, [ 7| (cleaning, filtering, ™ (cleaning, filtering,
» Dlogs, g 5 webhooks) normalization) normalization)
Annotation Module ° b 7 o
Label Stud Hitevel —»{Quality Control Module (Kappa,[—» Corpus Storage Module —{ Catalog and Metadata Module
(Labe ;éhgjnren}u HIENE! validation rules) (Object Storage, Parquet) (PostgreSQL, Elasticsearch)
Knowledge Graph g 0 " i
Module (N 4_g ROF P titi — Model Training Module — Model Registry —»{ Inference Module (FastAPI,
odule { FZ‘I’at';onS] > EReS; (XLM-R, KaBERT, PyTorch) Module (MLflow, versioning) TorchServe)
13 M 15 Security and Audit A
Analytics Dashboard (graphs, | External AFI (search, s Administration Module (task |—m Module (AuthNJAuthZ. PIl
search, reports) verification, alerts) assignment, orchestration, QC) odule { o) uthz, Fil,

Figure 3 — The architecture of the adaptive model of detection of fake news

The technical outcome of the proposed architecture lies in enabling automatic detection and
classification of fake news and subtypes of disinformation within a structured semantic framework.
The integration of ontology-driven annotation, knowledge graph construction, and transformer-based
modeling supports multilingual analysis (Kazakh and Russian) and provides a foundation for
adaptive processing of new information sources. The system is designed to maintain consistency of
semantic representation across the full processing cycle.

This ontological scheme defines the structural relationships between key elements of an
information message in the context of fake and real news. The purpose of Figure 4 is to formalize
the semantic architecture of news annotation within the proposed framework and to illustrate the
claim-centered modeling approach adopted in this study. Figure 4 presents a semantic model in
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which CLAIM serves as the central entity connected to message type (FAKE_NEWS /
REAL_NEWS), source attribution, supporting evidence, communicative intent, target audience, and
disinformation techniques. The model reflects the hypothesis that structuring news content around
explicitly defined entities and relations enables consistent annotation, supports knowledge graph
construction, and provides a formal basis for automated analysis. The following elements and
relations are represented in the figure:

FAKE_NEWS is linked to CLAIM through the relation hasClaim, indicating that a false report
contains a specific statement.

REAL_NEWS is linked to CLAIM through the relation hasClaim, showing that verified news
is also structured around a defined statement.

CLAIM is linked to EVIDENCE via the relation supportedBy, representing supporting (or
pseudo-supporting) information.

CLAIM is linked to SOURCE through the relation fromSource, identifying the origin of the
statement.

CLAIM is linked to AUTHOR_INTENT via the relation expressesintent, reflecting the
communicative purpose behind the statement.

CLAIM is linked to TARGET_AUDIENCE through the relation targets, defining the intended
recipients of the message.

CLAIM is linked to DISINFORMATION_TECHNIQUE via the relation usesTechnique,
indicating the manipulation strategy applied in the message.

FAKE NEWS REAL NEWS

%,
SCs
2y
2

SOURCE fromSource supportedBy EVIDENCE

%,
S \‘%’&

DISINFORMATION
TECHNIQUE

Figure 4 — Semantic model of annotation of news reports

pN —
~
( TARGET
\. AUDIENCE

usesTechmique

AUTHOR
INTENT

To build a unified body of news messages, a multi-level markup scheme was developed and
implemented in Label Studio. This scheme allows the identification of the key structural elements of
both fake and real news, i.e., the source, the main statement, time references, and fragments
containing supporting or contextualizing information, as well as the recording of manipulative
techniques used in the message, the author’s intent, and the target audience.

Dataset

The dataset consists of 5,000 news articles, evenly distributed between fake and real news
(50% each). The corpus is balanced across two languages: 50% of the texts are in Kazakh and 50%
in Russian. This balanced distribution ensures equal representation of classes and languages during
training and evaluation. The average text length is approximately 230 characters, reflecting short-
format news messages typical for online media and social platforms. The dataset was manually
annotated using a multi-level semantic scheme implemented in Label Studio. To assess annotation
consistency, inter-annotator agreement was calculated using Cohen’s Kappa. The obtained values
range from 0.72 to 0.81, indicating substantial agreement across annotation categories. These
results confirm the internal consistency of the annotation scheme and its suitability for further model
training and evaluation.

Results

The news item (see Fig. 5) about the alleged free public transport in Astana on behalf of City
Transportation Systems (CTS) was annotated in Label Studio as FAKE_NEWS with the subtypes
FABRICATED_NEWS and MISLEADING_CONTENT; additionally, the disinformation techniques
CLICKBAIT and EXAGGERATION were identified, and the author's intent was classified as
ATTRACTION_ATTENTION and FINANCIAL_GAIN. The text highlights the entities of SOURCE
("City Transportation Systems (CTS)"), CLAIM (a single fragment that includes the title and the main
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promise of free travel for 6 and 12 months), TIME ("on the occasion of the 15th anniversary"), and
two fragments of EVIDENCE (a description of the "Arnaya card" and a proposal with a hyperlink).
There are semantic relationships between the entities: HAS_CLAIM from SOURCE to CLAIM
(source — claim), HAS TIMESPAN from CLAIM to TIME (claim — TIME), and two
SUPPORTED_BY relations reflecting that the main statement relies on pseudo-evidence (claim —
EVIDENCE).

This example illustrates how the proposed annotation scheme captures the internal structure
of promotional disinformation by linking the main claim with temporal framing and supporting pseudo-
evidence. The figure demonstrates the applicability of the ontology-driven model to Kazakh-
language content and shows how communicative intent and manipulation techniques are formalized
within a unified semantic framework.

|munca 1 I(.LA\I'I 2 |:V\DENLE | TIME 4 Info History

News Type
REAL_NEWS®™! FAKE_NEWS!®
View region details

Fake News Subtype

conspiracy_theory'”! [ fabricated_news™! satire_or_parody’® [E misleading_content®  manipulated_content' false_context™

Disinformation Technique

Regions Relations

clickbait*!  emational_pressure’ J ion! i at
Relations (4) @ I
Author Intent
E @ sOURCE
influence_opinion/s! spread_fear” political_gain'*/ attract_attention's financial_gain/¥ B @cwm
E @@ cam
Target Audience [E] : L
[: B @cam
elderly®™ [ youth!  mothers®  rural_populstion®l  patriotsh athnic_groupst B @Evioen
[: B cam
wa VLUIH TeriH KOFaMLIK kenik! E BEVIDEN
S e BINABI [ETS) wexTeyni KBNIK KAPTACHIM YCHIHABL

Goiib HeBapi 1 250 T Teney apKbiNs| TeriH 0N KyDYLeH Na33aT ankikea!
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6 an Dol WeKTeyCiz NaRaanady MyMKIHQIT Dap apHalis! KapTa YCbiHbNaab!.
Tonkk aknapar cintemesie: https://campverse.com/CTPGENvp

Figure 5 — An example of a manual annotation in the Kazakh language indicating
all the entities of the scheme

The markup carried out in Label Studio allowed the formalization of the structure of fake news
messages, highlighting their key components, such as source, statement, time binding**,** and
elements of pseudo-proof, as well as establishing connections between them through semantic
relationships. This approach not only systematizes the internal logic of disinformation dissemination
but also creates a uniform annotated corpus necessary for the subsequent training and validation of
automatic fake news detection models. The use of multi-level markup also enables the analysis of
typical manipulation strategies, author intent, and target groups, which may improve the quality of
model predictions and contribute to the development of more robust NLP systems against the spread
of misinformation.

Annotation Quality Assessment (Cohen’s Kappa)

To assess the consistency and reproducibility of the annotation scheme, percentage
distributions of annotated entities were compared between two independent annotators, and
Cohen’s Kappa was calculated. Higher Kappa values for SOURCE (0.81) and CLAIM (0.78) indicate
clearer formal definitions and stable identification in news texts. Lower values for categories such as
AUTHOR_INTENT and FAKE_NEWS reflect their greater contextual and interpretative complexity
(Table 2) [9].

Table 2 — Distribution of annotated entities and inter-annotator agreement (Cohen’s Kappa)
across main categories

Category Annotator 1 (%) Annotator 2 (%) Cohen’s Kappa
FAKE_NEWS 6.5% 6.3% 0.72
REAL NEWS 7.0% 6.9% 0.74
SOURCE 25.3% 25.2% 0.81
CLAIM 28.5% 28.4% 0.78
EVIDENCE 8.0% 8.1% 0.76
DISINFORMATION TECHNIQUE 6.5% 6.6% 0.74
AUTHOR_INTENT 6.2% 6.1% 0.73
TARGET_AUDIENCE 6.0% 6.1% 0.72
TIMESTAMP 5.0% 5.2% 0.75
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As a result of the annotation quality assessment using Cohen’s Kappa coefficient, the
proposed annotation scheme demonstrated a substantial level of inter-annotator agreement. The
annotation was performed according to predefined guidelines within the Label Studio environment,
and agreement was evaluated across the main annotation categories (FAKE_NEWS, REAL_NEWS,
SOURCE, CLAIM, EVIDENCE, DISINFORMATION_TECHNIQUE, AUTHOR_INTENT,
TARGET_AUDIENCE, TIMESTAMP). The obtained Cohen’s Kappa values range from 0.72 to 0.81,
corresponding to the level of substantial agreement, while the SOURCE category (0.81) approaches
almost perfect agreement. The highest agreement was observed for SOURCE (0.81) and CLAIM
(0.78), indicating clearer and more stable interpretation of these categories during annotation. In
contrast, slightly lower values for FAKE_NEWS (0.72), AUTHOR_INTENT (0.73), and
TARGET_AUDIENCE (0.72) reflect their greater semantic complexity and contextual dependence.

Discussion

The study presents an ontology-based framework for fake news detection that combines
semantic markup, knowledge graph construction, and transformer-based modeling. The proposed
annotation scheme formalizes key elements of news texts, including claim, source, evidence, time
reference, author intent, and target audience. Manual annotation of 5,000 news articles in Kazakh
and Russian showed consistent application of the scheme. The Cohen’s Kappa values (0.72-0.81)
indicate stable inter-annotator agreement across categories. More structurally defined entities, such
as SOURCE and CLAIM, demonstrated higher agreement, while context-dependent categories
showed slightly lower consistency. The results confirm that the ontology and multi-level markup can
be applied in a multilingual setting and can serve as a structured basis for further model training and
analysis.

Limitations

The study focuses on the design of the ontology and annotation framework. A comparative
experimental evaluation with baseline machine learning or transformer-only models was not
conducted. The dataset is limited to 5,000 news texts in Kazakh and Russian, which restricts
generalization to other languages and media contexts. The annotation process relies on manual
labeling, which requires time and expert involvement. The current implementation considers only
textual content and does not include multimodal signals such as images or video. The system has
also not been tested in real-time deployment conditions.

Conclusion

The paper proposes an integrated approach to building an intelligent fake news detection
system that combines ontological modeling, semantic markup, and modern NLP methods. A
bibliometric analysis of Scopus publications (2018-2026) shows a steady rise in interest in fake news
detection and semantics, a shift from classical ML methods to semantic, graph-based, and
multimodal models, and the strengthening of transformer architectures in news analysis. The
developed adaptive system architecture supports the full data processing cycle: collection,
preprocessing, annotation, storage, model training, and visual analytics. A key element is the
ontological model and multi-level markup scheme implemented in Label Studio, formalizing the
internal structure of news messages. The annotation scheme captures key entities (source, claim,
EVIDENCE, TIME) and classification categories (DISINFORMATION_TECHNIQUE, REAL_NEWS
| FAKE_NEWS, FAKE_SUBTYPE, AUTHOR_INTENT, TARGET_AUDIENCE), as well as their
semantic relationships. This ensures high interpretability and forms a corpus suitable for machine
learning. Manual annotation results confirmed that the scheme consistently describes both fake and
real news. The identification of entities and communicative characteristics provides a holistic
representation of news logic. The scheme forms a foundation for developing robust NLP models in
multilingual environments. The proposed architecture and ontology enable next-generation
intelligent systems for detecting fake news and analyzing disinformation processes. Future work
includes experimental validation, markup automation, corpus expansion, multimodal models, and
explainable Al to strengthen trust and transparency.

The proposed ontology-driven framework can be applied in media monitoring systems and
digital content moderation platforms. The structured representation of claims, sources, and
manipulation techniques enables more transparent analysis of news content and may support faster
identification of potentially misleading information. The integration of semantic annotation and
knowledge graph construction can reduce manual verification workload by structuring information
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for automated processing. The approach may also contribute to improving trust in digital platforms
by providing interpretable explanations of detection results.
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OHTONOrMuAINbIK MOAENbL MEH MEAWA MOTIHAEPIH CEMAHTUKAINBIK BENTIEY HETM3IHAE
¥UbIMOACTbIPbINTFAH 3UATKEPNIK 2)KACAHAbI )KAHANBIKTAPAbI AHBIKTAY XXYUECI

byn makanada medua momiHOepdi OHMOoo2usbiKk MoOesibOey MeH ceMaHmuKalbIK aHHomauusinay
HeeisiHOe xarFaH xaHanbikmapObl aHblKmay macini ycbiHbinadbl. 3epmmey ascoiHOa 2018-2026 xbiidap
apanbirbiHOafbl SCOpus OepeKkKopbiHOarbl XapusinaHbiMOapra 6ubnuomempusnblK manday Xypeisini,
XanfaH XaHanbikmapObl aHblKmay XoHe ceMaHmukarnblKk macindep canacbiHOasbl Heezizai ypdicmep
alikbiH0andbi. Homuxenep dacmypni MawuHarnblK okbimy adicmepiHeH mpaHcgopmepriik, epathmsiK XoHe
cemaHmukarnbik Modenboepae kewy ypoiciH kepcemedi. epekmepdi xuHay, andbiH ana eHoey, Label Studio
XyueciH0e kendeHeelni aHHomauyusnay, 6iniM epabiH Kypy, mModenb0epdi OKbimy, UHEEPEHC XoHe
aHanumuka Ke3zeHOepiH KammumeblH 6eldiMOenemiH Xxyle apxumekmypacbl YCbiHbINObI. MaHarnbik
MemiHOEPIHIH Heezizai aneMeHmmepiH KypbibiMOalmeiH ¢popmarndbl OHMOO2USANbIK MOOesb 83ipreHOI:
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myxbipbiM (claim), depekkes (source), donesn (evidence), asmop Huemi (author intent), makcammoi
aydumopus (target audience) xoHe de3suHgpopmayus adici (disinformation technique). )Kylie kasak xeHe opbic
mindepiHdeai kernmindi eHOeydi kondatiobi. Jepekmep xubiHbl 5 000 xaHasbIK MomiHiHeH mypadb!, onapObiH
JKapmbICbl XallfaH, XapmbICbl UWbIHalibl XXoHe eKi min apacbiH0a meHaepimOi berniHeeH. AHHoOmauus canacs!
Cohen’s Kappa koaghcpuyueHmi apkbiibl 6aranaHObl (0,72-0,81), 6yn aHHOmMaUUsiHbIH KeslicimOi
opbiHOanraHbiH Kepcemedi. ¥cbiHblIFaH macin kenmindi opmada xarnfaH XaHalblKmapObl asmomammbai
aHbIKmay xyuersnepiH epi Kapali ambimy meH baranay yYWiH KypblibIMObIK Heai3 yCbIHaokbI.

Tylin ce3dep:. elik xaHanbikmap, el xXaHanblKmapObl aHbiKmay, OHMOJ02UsifIbIK MOOeslb,
cemaHmukarnelk 6eneiney, cemaHmukarnbiK manoay.
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WHTENJNEKTYAINIbHASI CACTEMA BbISABJIEHUA ¢EI7IVKOBbIX HOBOCTEWN HA OCHOBE
OHTOJIOFrMYECKOU MOOENN U CEMAHTUYECKOW PASMETKWU MEOUA-TEKCTOB

B OdaHHOU cmambe npedcmasnieH Mo0xo0 K ebisierneHuro @elikosbix Hoeocmeli Ha OCHO8e
OHMOII02U4eCK020 MOOeIUpPoB8aHUs U CceMaHmu4yeckol aHHomauyuu meduamekcmos. B uccrnedosaHuu
rnpoeedéH bubnuomempudeckuli aHanu3 nybnukayul b6asbl 0aHHbIX Scopus 3a 2018-2026 200bi ¢ yesnbio
8bisierieHUsi meHOeHyull 8 obriacmu obHapyxeHusi ¢helikoebix Hogocmel U ceMaHmMu4ecKux mMemodos
aHanusa. Pe3ynbmambi rioka3bigalom nepexod om mpaduyuoHHbIX Memodo8 MaluUuHHO20 Oby4yeHUsl K
mpaHcgopMepPHbIM, epaghosbiM U cemaHmuyYeckum moldensm. [NpednoxeHa adanmueHas apxumekmypa
cucmemsl, sknodarowast cbop 0aHHbIX, npedsapumeribHy 0b6pabomky, MHO20yposHesyo pasmemky e Label
Studio, nocmpoeHue epacha 3HaHul, 0bydeHue wmodenel, UHGEepeHC U aHanumuyYeckul MoOyIib.
PaspabomarHa ¢popmanbHass OHMoozau4yeckass Mooesib, CMPYyKmMypupyrowas Ko4desbie 371eMeHMbI
HOBOCMHbIX MeKCMo8: ymeepxx0eHue (claim), ucmoyHuUK (source), dokazamesnbcmeo (evidence), HamepeHue
asmopa (author intent), uenesasi aydumopus (target audience) u mexHuka de3uHgpopmayuu (disinformation
technique). Cucmema noddepxusaem MHO20513bI4HYHO 006pPabomKy Ha Kal3axCKOM U PYCCKOM Si3blKax.
Hamacem skntovaem 5 000 HogocmHbIX coobuwieHul, pagHOMepHO pacripedenéHHbIX MexAy ¢helKosbiMu U
peanbHbIMU Hog8oCcmMAMU U cbanaHcuposaHHbIX M0 fA3bikaM. Kadecmeo pa3mMemku oueHueasiocb C
ucrionb3oe8aHuemM KoaghgpuuyueHma Cohen’s Kappa (0,72-0,81), ymo cgudemernscmeyem o coanacogaHHoOCmu
aHHomauyuu. [NpednoxeHHbil nodxod co3daém cmpyKmypHYK ocHogy Onis OQanbHelwel paspabomku u
OUEHKU asmomMamu3upo8aHHbIX cUCmeM 8bisi8/ieHUsT ¢helikosbix Hogocmel 8 MHO2053bI4YHOU cpede.

Knroyeebie cnoea: apelikosble Hogocmu, ObHapyxeHue ¢helikos, OHMoro2u4yeckass Moodesib,
cemMaHmu4eckasi pasmMemka, CeMaHmu4YecKkuli aHasu3s.
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